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Abstract 

This paper explores various firm characteristics – headquarter location, industry of operation, 

and board interlock – to understand whether sharing any of these factors with another firm 

influences the similarity of their donations to political campaigns during presidential election 

years. The study employs dyadic analysis across the top 60 firms in the 20 largest U.S. 

industries, focusing on their donations to political parties in the 2008, 2012, and 2016 elections. 

Findings suggest that direct interlock (two firms sharing board members) has no influence on 

firms’ respective PAC donations, while other shared attributes were found to matter. 

Implications of campaign finance legislation and other influences of corporate donations are also 

discussed.   
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Introduction ______________________________________________ 
 

The role of money in politics is a frequently contested debate within the United States. 

The media often focuses on the potentially damaging effects of donations on politicians, citing 

possible corruption or vote influence as consequences. Campaign donations come from a variety 

of sources, each with their own motivation for political discourse. Individual political donations 

are protected under the first amendment right to free speech, and as of 2010 that right was 

expanded to include group actors like corporations and interest groups (see Citizens United vs 

FEC 2010). The Supreme Court ruling lifted previous limitations on group donations, allowing 

corporations to donate unlimited amounts of money via political action campaigns as long as 

they clearly disclosed their donations to the public. These public records allow for the 

exploration of how corporate social networks and individual characteristics shape their giving 

behavior. 

Concerns about the influence of large corporations upon the operations of the United 

States political system are long enduring. Political scientists often debate whether money has a 

strong influence on politics. Many have explored the effects of individual campaign 

contributions or Political Action Campaign (PAC) influence (see Aggarwal 2012, Cooper 2010, 

etc). However, little work has been done around the social networks which influence corporate 

donations. Rather than donating money directly, corporations frequently opt to channel their 

political behavior through a respective PAC, often having the CEO of the parent company sit on 

the board of their politically motivated organization. The board of directors is subsequently filled 

with other premier members of the business world, providing them a platform to discuss political 

donation strategies. Often, executives sit on the boards of multiple companies, potentially using 

their memberships as a platform for political discourse. The link between these social 
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interactions, corporate dynamics, and subsequent PAC donations is little explored. This study 

uses data on campaign contributions to investigate the predictors of political cohesion among 

corporations. The analysis provides empirical support for the thesis that social networks of 

corporations facilitates political cohesion across firms.   

The concept of network analysis is often used as a tool for studying the social hierarchy 

of elite groups in American society. Interlocking directorates is a form of corporate cohesion 

whose effects are hotly contested. I attempt to understand the causal relationship between direct 

interlock and campaign contribution patterns through empirical analysis and company case 

studies. My main research question investigates the factors which influence similarity of 

corporate donations. More specifically, do companies with shared board members (or other 

shared traits) donate to similar political candidates through their respective PAC’s? My data set, 

based on Mark Mizruchi’s study, “Network Analysis of Corporate Political Action”, contains 

PAC contributions from the FEC database as well as demographic characteristics about the 

corresponding firms. To compare actions across firms, I employ the dyad method of analysis 

which matches corporations into anonymous pairings. This allows me to test whether two firms 

who share board members, industry, or many other characteristics behave similarly in campaign 

support.  

After explaining how my research compliments existing literature, I explore my data 

selection process, methodology, and data analysis while mirroring Mizruchi’s study to allow for 

comparison between my work and his. This analysis aims to contribute to the understanding of 

corporate donation behavior, which is an important component of political discourse and a 

potential starting point for campaign finance reform. The results of this regression carry broad 

implications on financial and corporate policy.  
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Literature Review ____________________________________________ 
 

The belief that corporations influence politics is common in news stories about 

Washington and in research on the effects of political donations. Many political scientists study 

the influence of money in politics. However, the impact of corporate donations on other 

corporations is a behavior which is rarely explored. This is an important question for the 

understanding of money’s role in politics, as well as the dynamics between corporations which 

motivate them to donate money to political parties. The back-workings of powerful corporations 

must be reviewed to understand the motivations, traits, and relationships across companies which 

influences their investment in politics. This literary gap allows for the study of corporate 

behavior to test for political cohesion.  

The broader role of money in politics is abound with theories about effectiveness and 

motivation. Political donors can be categorized into three sub-sections: individuals, interest 

groups, and corporations. It is important to conceptualize all three actors in this space. First, 

analyzing donations by wealthy individuals, scholars find evidence of political outcomes 

matching elite preferences (Gilens 2012; Page 2009). Literature suggests that when Americans of 

various income levels differ in their policy preferences, actual policy outcomes strongly reflect 

the preferences of the most affluent and stand virtually no resemblance to the preferences of poor 

or middle-income Americans (Gilens 2012). Affluent donors distort the representative system 

that is paramount to American democracy. While donating money could be normatively positive 

(promoting a beneficial program, providing resources, exercising your right to free speech, etc), 

it also creates a rift between average citizens and the super-wealthy (Page 2009).  

The largest unanswered question in this field of study is that of group influence. Interest 

groups scholars disagree on what even constitutes “interest” and “influence” along with the 
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methodological and theoretical approaches to pursue in conceptualizing these parameters 

(Baumgartner, Leech 1998). An interest group is created with the sole intention of 

influencing public policy. However, the results of studies exploring interest group success rates 

is very mixed. Some political scientists claim that interest groups are the dominate voice shaping 

the decisions of parties through their stated agendas and nominees (see Bawn et al 2012). Others 

claim that “most of what interest groups do in politics is cancelled out” by other forces —

including the activities of other interest groups (Fiorina 2000). In sum, the proliferation of 

interest groups has led to a wide array of research, but with contrasting views about their 

effectiveness.  

The third actor, corporations, is also created to pursue common interests, but these may 

not necessarily be political interests. Since the primary focus of firms is not politics, they often 

seek influence through donations. Understanding which firms donate and why is consequential to 

understanding the underlying role of money in politics. My interest lies on the corporate side, 

exploring group behavior within this third subsect of actors. Research on group behavior in the 

political sphere has an apparent gap, since scholars tend to focus on interest groups, broadly 

defined and often encompassing a mix of types of groups, and thus disagree on methodology. 

This paper aims to fill this gap by exploring the dynamics of corporate behavior along the 

dimension of political donations.  

Among the biggest normative questions in recent years is whether corporate donations 

should be a legitimate part of the political conversation. Representatives have an obligation to 

their constituency – which is the people, not corporations. If corporate money does have an 

influence, it is important for thinking about the representative relationship between constituents 

and representatives, as these donations may create perverse incentives. If it is assumed that 
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corporations donate money to persuade political outcomes, then it is important to study the 

possible motivations behind corporate donations.  

Scholars have found evidence of different donation patterns by varying corporations, 

often in a way that aligns with agenda-setting or time-seeking theories. The time-seeking theory 

claims that some corporations donate to both Republican and Democratic party funds to gain 

access to elected officials (Brunell 2005). Companies following this philosophy want access to 

whoever is in office, regardless of their political orientation. Alternatively, the agenda-setting 

approach dictates that corporations donate heavily to one party, with the intention of gaining 

like-minded representation (McCombs and Shaw 1997). Companies prescribing to this 

philosophy have the intention of shaping policy and influencing the campaign outcome in their 

favor. My work is more about the similarities between firms that lead them to give to Democrats 

or Republicans (industry, location, board membership, etc), but my results could also carry 

implications about whether firms are time- or agenda-seekers. The motivations and underlying 

micro-assumptions about why corporations donate money have been explored to an extent, but 

this research could benefit from a deeper understanding of the underlying features and 

similarities among the corporations which lead them to behave in these ways.   

Although works have shown the power and intention of corporate influence, both in 

individual corporate patterns and donation behavior, little work connects these domains. This 

paper fills that gap by examining corporate political action as an outcome of social networks and 

other corporate commonalities. Moreover, very little work assesses the effect of interaction by 

corporations on their donation decisions (for an exception, see Burris 2005). The works which do 

compare pairs of corporations to form theories about the resulting political outcome explore 

outdated information sets, before the advent of Citizens United v. FEC, 
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2010 (see Mizruchi 1992).  This landmark case claims that corporations, like people, have the 

right to freedom of speech and can donate unlimited amounts. Corporations are now able to 

behave freely, unconstrained by laws which define how they may operate in the political 

donation space. This opens the field to data driven research and allows for a deeper 

understanding of corporate decision making. The deregulation of campaign donations has vast 

consequences for corporate behavior, and a more dynamic and modern study is necessary to 

understand the implications of this court ruling on corporate behavior. As a result, we know little 

about how the interactions between corporations affects their subsequent political contribution 

decisions.   

Assumptions about corporate money influencing politics are pervasive. There is a broad 

body of literature discussing the impact of corporate money on political outcomes (see Brunell 

2005, Aggarwal 2012, and Langbein 1986). Certain scholars even explore whether donating to 

political campaigns can affect a company’s stock returns (Cooper 2010). More specific to my 

research question, some political scientists explore political behavior as a function of shared firm 

characteristics. Scholarly research on corporate cohesion supports the claim that companies with 

interlocking directorates (executives from two separate companies sitting on the same board) 

tend to behave more similarly in the political sphere. Interlocked firms were more likely than 

non-interlocked firms to support the same political positions in Congressional hearings 

(Mizruchi 1992). While little work isolates corporate characteristics like industry, size, and 

location, in general, links can be found to have important consequence for how scholars evaluate 

corporate donations. However, this research offers mixed results about how corporate similarity 

affects political contributions. For instance, research on sharing board members and political 

action campaign (PAC) contributions finds that sharing board members with other companies 
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does not make those companies more likely to donate to the same candidates (Mizruchi 1992). 

Other studies point to similarity of political behavior, as a result of social networks or shared 

corporate features like relying on military contracts, membership in the Business Roundtable, or 

shared financial advisors (Drutman 2015). Perhaps focusing on more fundamental firm 

dynamics, like sharing a primary region or industry of operation, could lead to more conclusive 

results. These patterns suggest that not only is there a gap in the literature regarding the 

interaction between the influence of corporate relationships and political donations, but that little 

research focuses explicitly on the connections across firms and the subsequent impact of 

corporate overlap on party donations.  

One of the most acclaimed efforts to bring empirical evidence to the question of 

corporate cohesions’ influence on politics is Mark Mizruchi’s 1992 study of interfirm relations 

and their impact on corporate political action. Mizruchi analyzes the effect of corporate relations 

on a variety of political activities. Using testimony before Congress as a measure of corporate 

political action, Mizruchi shows that connected firms are more likely to express agreement on 

legislative matters, controlling for other factors that could be expected to promote consensus. He 

finds this thesis to hold both for direct interlocks (firms linked directly through a common 

director) and for indirect interlocks (firms that each have a director on the board of a third, 

intermediary firm). My study therefore seeks to advance this line of analysis—in a way that 

complements, rather than replicates, Mizruchi’s research on corporate characteristics, social 

networks, and political cohesion. In particular, my research revisits this question in the period 

immediately pre- and post- the Citizens United ruling. 

A final piece of my framework’s foundation is the research on corporate interaction more 

generally. An increasing number of scholars have acknowledged that executives of top 
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corporations often interact (see Burris 2001). These crossovers in behavior may make it more 

difficult to track the origins of specific actions, as corporations may trade favors to influence 

particular outcomes (Walker 2014). In general, similar corporations share at least some 

shareholders, board members, or investors (Marshall 2016). Other scholars have even made 

stronger claims that the Chief Executive Officers themselves meet regularly for various reasons 

and impose the opinions from those meetings, in combination with personal biases, onto their 

respective corporate PAC donations (Gopoian 1984). Findings that align CEO ideology with 

their respective corporation’s donation patterns regularly find consistency of behavior (Burris 

2005). However, some research points to the limits of focusing on just one member of an 

organization, or on the organizations themselves as independent actors with no influence over 

each other. Despite agreeing that corporations seek to influence politics, there is mixed 

agreement over the source of this influence or the decision-making process behind corporate 

donations. My analysis seeks to expand the realm of influence past the CEO and examine the 

entire board membership. Further analysis of inter-firm relationships and cross-firm similarities 

is required to better understand corporate political action.   

Background and Expectations __________________________________ 
 

While scholars have long debated the role of corporations in the political process and the 

motivation behind corporate donations, a substantial gap remains at the intersection of these 

research questions. My research design aims to fill this gap to aid in the understanding of what 

causes corporations to donate in the ways they do. On the assumption that corporations are 

rational actors hoping to further their own personal agendas (whether that be to gain access to 

whichever party wins office or to support a specific party platform), examining the level 
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of similarity among major corporations is a major first step to understanding whether 

corporations with shared characteristics or executives behave more similarly in their donation 

strategies.  

The underlying concept of interest that my variables are testing is the level of political 

influence created by a firm’s surroundings, both physically by geographic location and socially 

through industry and board agendas. I explore how these factors relate to questions like why 

companies give money (i.e., access versus like-minded representation). The variables I examine 

(direct interlock, shared industry, shared location) are proxies for whether firms share the same 

political interests. Thus, I examine whether firms that operate in the same primary industry, for 

example, behave more similarly in the political realm than firms that do not, because industry 

dynamics purport themselves to alignment with one party platform over the other. The same line 

of reasoning applies to my other variables: traits influence political perspective, thus sharing 

traits increases the probability of sharing a political perspective. I hypothesize that firms with 

greater degrees of similarity will experience greater political cohesion (i.e., firms with more traits 

in common will donate more similarly through their respective PAC). If these variables correlate 

with similar patterns of giving, this may be suggestive of the firm’s motives. From there, we may 

postulate whether firms donate for access or like-minded representation.  

My initial intuition suggests that significant relationships between shared firm traits and 

similar donation patterns point to political motives, while insignificant relationships are 

consistent with time-seeking tendencies. If firms are giving for access, the variables examined 

should not be significant. This equanimous donation tactic will not be trait-dependent, but rather 

a product of ambivalence towards which party is in power. However, if firms are focused on 

helping elect those who they think share their views or will be good for their business, then we 
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might expect the variables examined to be significant (e.g., firms in the technology sector prefer 

a particular political party because that party would act better towards them). Attempts to 

influence policy will reveal a pattern between shared firm traits and similarity of donation.  

While my study is not a direct test of motive, this is an observable implication which can 

be extrapolated from the study. Since region and industry variables are underexplored in the 

literature, my approach is important in understanding whether these factors influence donation 

similarity (and if they do, whether they lead to agenda-seeking tendencies). Since characteristics 

of firms related to their location, industry, and board construction are likely tied to their political 

preferences, I hypothesize that each of these variables should be positively related to firms' 

donation similarity. If this analysis yields a statistically significant result, I further hypothesize 

that firms have agenda-seeking tendencies shaped by the above variables. 

Data Selection ______________________________________________  
 

My regression analysis examines paired firms to test whether sharing group 

characteristics leads to greater political alignment than amongst firm-pairs that do not share these 

characteristics. My research design mirrors a similar study conducted by Mark Mizruchi in 1992. 

“Network Analysis of Corporate Political Action” examines whether interdependence between 

firms creates similar political behavior. The data set tracks the behavior of the 57 largest 

corporations in the United States during 1980. The three largest firms (that maintained a PAC) 

from 19 main industries are selected to represent major corporate actors. The variance in 

industries allows researchers to see if firms within certain industries behaved differently than 

others. The data set compares pairs of firms randomized within the sample. Mizruchi’s data 

randomly assigned firms as i and j repeatedly, to create a larger number of data 
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points ( 
𝑁(𝑁−1)

2
 pairs to be exact) depicting scores of shared traits for each pair of firms. To 

eliminate research bias, each company is given a unique numerical identification number to 

remain anonymous during the data analysis. The data set also contains demographic descriptors 

which divide the firms into various groups for observation. There are 41 different variables, 

capturing industry, similarity scores, total campaign contributions of company “i” and “j”, 

capital intensity, defense contract requirements, company size, location, and many other 

characteristics. The data contains information on how firms relate to one another past the 

required FEC demographics, making it a dynamic set to study.   

I replicate the spirit of Mizruchi’s study by examining the 60 largest corporations across 

20 main industries as of 2018 and following a similar regression analysis to determine 

whether Mizruchi’s findings still hold in the modern political era. The observational data from 

the 60 companies was gathered and cross referenced with their PAC contributions. By looking at 

donations in 2008, 2012, and 2016, I can examine whether the findings are election dependent. 

Having data from three different election cycles allows me to test for robustness – something 

which has not been done in the dyadic literature as all previous studies focus on factors within 

one election cycle. A particular variable may not be statistically significant in a single election 

cycle due to other factors at play. However, when we look across multiple election cycles we 

may find that it is typically a relevant factor. The possibility of this statistical trend will be 

interesting to observe. 

To select the 60 companies featured in this survey, I relied on the Barron’s industry 

report. Updated weekly, Barron’s releases the Dow Jones U.S. Total Market Industry Groups and 

ranks the size and importance (based on market share) of each sub-sector in each industry. The 

main industry groups are defined as: basic materials, consumer goods, consumer services, 
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financials, health care, industrials, oil and gas, technology, telecommunications, and utilities. I 

then took the weighted average of each group by dividing the number of subsectors (e.g. media, 

airlines, hotels) within each industry by the total number of sub-sectors. This allowed me to 

determine how many of my 60 companies should be chosen from each industry group, allowing 

my study to remain proportional to the Dow Jones index (see table VIII). I arrived at the 

following calculation: 5 companies under basic materials, 10 under consumer goods, 9 under 

consumer services, 11 under financials, 3 under health care, 12 under industrials, 3 under oil and 

gas, 4 under technology, and 3 under telecommunications. Then, within each subcategory, the 

highest ranked (largest market share, indicating the most relevant subsector to the U.S. economy) 

subsectors were chosen in descending order until the industry had at least 2 or 3  companies in 

each subsector – i.e., consumer goods has 10 slots, so the 5 top subsectors were chosen (to allow 

comparison within subsectors, at least 2 companies must be from the same subsector to form one 

pair). If the industry called for an odd number of companies, like healthcare requiring 3, the 

largest subsector would house 3 slots (in that specific case, only 1 subsector was chosen). 

Subsectors include groups like chemicals, forestry and paper, automobiles, retail, aerospace and 

defense, media, and internet. Once each industry was subdivided into these subsectors, I relied 

on Business Insider’s extensive rankings (again, mostly determined by market share) to select the 

largest companies which operate in each subsector (see table 2). For example, in the automobiles 

category, the Big Three of Ford, GM, and FCA were ranked the 3 largest companies in that 

sector. For internet, Facebook and Apple were ranked highest. This selection process was held 

constant for all 60 choices.   

After the 60 companies were selected, I proceeded to find their respective PAC through 

Opensecrets.org. If a company did not have a corresponding PAC, they were replaced with the 
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following largest company within their category. This only happened in a handful of incidences, 

but they are still important to note. Altria, a parent company of Philip Morris International 

replaced Philip Morris International because they conducted their PAC donations through Altria. 

Taco Bell was replaced by their parent company, YUM! Brands, and Burger King was replaced 

by their investor company, 3G. Marriott International replaced Choice Hotels since Choice did 

not have a corresponding PAC. Google replaced Alphabet, and Berkshire Hathaway replaced 

Berkshire Hathaway Energy, a company in which they hold a 90% stake.  

To find their donation patterns, I matched each company to their respective PAC 

through Open Secrets. Focusing on presidential election cycles, I pulled the "Total Contributions 

by Party of Recipient" for 2016, 2012, and 2008 for the Democratic and Republican parties.   I 

then pulled corporate information, such as CEO data, headquarter location, and board member 

listings from Bloomberg. All public companies are required to maintain a board comprised of 

both inside and outside members and publicly report this information on their investor relations 

pages, which are then crowd-sourced by Bloomberg (Weil 2015).  This mandate ensures that my 

information was up-to-date and accurate, allowing for a fair comparison across firms. 

Methodology______________________________________________ 
 

Following Mizruchi’s footsteps, I create a dyadic model of analysis to explore the pair-

wise behavior of firms rather than their individual characteristics’ influence on their individual 

donation patterns. Dyadic analysis explores pairs of actors and is often used in social science 

studies to model the interaction between two players. For example, does the interdependence of 

two nations influence their war time strategy? Does a husbands’ depression influence his wife? A 

dyad is a fundamental unit of inter-actor relationships (Gonzalez, Griffin 2001). Building a 
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model which simulates interaction amongst players within the analyzed space allows for a deeper 

understanding of what factors influence behavior. Firms do not operate in a vacuum. They are 

influenced by their surroundings, like geography, industry, inter-personal communication, or 

firm-culture.  Looking for evidence that shared characteristics correlate with share donation 

patterns provides a tougher test that a given characteristic is an important predictor of donation 

patterns. 

To understand whether sharing certain traits affects the donation patterns of a firm, we 

must look at how firms interacts with other firms in the data set and see which commonalities 

lead to increased similarity of behavior. To do this, each firm is anonymously paired with every 

other firm in the data set. Eliminating duplicates (company pairings AB = BA) and self-matches 

(companies A being paired with itself, AA thus interacts with no-one and must be removed) 

yields  
𝑁(𝑁−1)

2
  unique pairings. My data set of 60 actors (firms) thus yields 1,770 unique dyads. 

Each dyad contains a firm-pair (i.e. Monsanto and Delta, Boeing and McDonalds, GM and FCA, 

etc). Within each of these firm-pairs, firms are anonymously labeled firm “i” and “j”. Each dyad 

holds the firm specific characteristics of firms “i” and “j”. Think of this new data set as a matrix 

of firm-pairings, with each block within the matrix holding the unique characteristics of firms “i” 

and “j” (industry, sub-sector operations, CEO, board members, etc). 

Now that 1,770 unique firm-pairs exist, I can define variables which transform individual 

firm identifiers into interactional units. For example, dyad 1 containing firms (1,2) holds 

information about Cargill and Land O’Lakes. Rather than just regressing Cargill’s headquarter 

locations on Cargill’s PAC donations to see whether geography influences donations, I can now 

test whether Cargill and Land O’Lakes being headquartered in the same state makes them donate 
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more similarly than two firms that do not share a headquarter location. Transforming my data set 

into a dyadic format allows for analysis on the group-interaction level.  

Defining Variables____________________________________________ 
 

In 2008, the average political donation from each firm in the study was $1,074,350. This 

amount rose to an average of $1,259,156 in 2012 and $1,637,342 in 2016. That indicates a 17% 

increase in average PAC donations from 2008 to 2012, and a 30% increase from 2012 to 2016. 

The increase was probably influenced by the Citizens United v FEC ruling (2010), which 

removed donation limits from corporations by declaring that money is equivalent to free speech. 

By studying key factors of each corporation’s behavior and interaction with other corporations, 

we can gain a deeper understanding of what motivates these donations in general and assess 

whether these factors are consistent over the past three presidential election cycles. Now that 

corporations can donate limitless amounts of money to political campaigns, it is important to 

understand why and how these donations occur. A description of my methodology and variable 

construction is below.   

For each of the 1,770 dyads in the study, I constructed two measures of similarity of 

political behavior, the outcome of interest. The first measures similarity between PAC donations 

by the percentage of total political contributions going to each of the two major parties. The 

similarity of support between firms i and j (denoted by S𝑖𝑗) is calculated by the following 

expression:  

S𝑖𝑗 = |
𝑟𝑖

𝑟𝑖 + 𝑑𝑖
−  

𝑟𝑗

𝑟𝑗 + 𝑑𝑗
| × 100 
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Where 𝑟𝑖,𝑗  denotes the amount donated by firms i and j respectively to the Republican party 

and 𝑑𝑖,𝑗 denotes the amount donated by firms i and j respectively to the Democratic party, thus 

creating a measure of the proportion of money donated to the same party. Multiplying by 100 

creates a percentage scale of similarity. This measure ranges from 0 (least similar) to 100 (most 

similar).   

The second measure of similarity focuses on the favored party rather than the spread 

between party donations within the dyads. Since the logic of presidential election years 

encourages contributors to “hedge their bets” by supporting both parties to some extent, 

firms might donate significant sums of money to both the Democratic and Republican parties in 

an attempt to maximize their potential outcomes (Burris 2005). Donating to both parties may 

also distort the rate of ideological similarity captured by the first measure, as the spreads between 

donation amounts may not be large enough to capture political preferences. Thus, looking at the 

range of difference in donations to both parties, as in the first measure of similarity, might not 

capture the party preference of the firms.  S𝑖𝑗 is a good measure of proportionality, but it does not 

capture whether firms i and j both preferred the same party (i.e. S𝑖𝑗 = 20% could indicate that 

firms i and j respectively donated 20% and 40% of their political funds to the Republican party, 

but it could also mean that they donated 70% and 90% respectively. In both scenarios, S𝑖𝑗 yields 

the same result, even though one pair of firms prefers the Democratic party while the second pair 

prefers the Republican party. The same indicator captures a very wide range of behavior). The 

second measure of similarity denotes whether the firm pair (i,j) within each dyad donated the 

majority of their funds to the same political party. The similarity of party preference between 

firms i and j (denoted by D𝑖𝑗) is calculated by the following expression:  
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D𝑖𝑗 = {

 𝑇𝑅𝑈𝐸 𝑖𝑓 
𝑟𝑖

𝑟𝑖 + 𝑑𝑖
>

1
2   𝐴𝑁𝐷  

𝑟𝑗

𝑟𝑗 + 𝑑𝑗
 >

1
2 ||  𝑖𝑓

𝑟𝑖

𝑟𝑖 + 𝑑𝑖
<

1
2   𝐴𝑁𝐷  

𝑟𝑗

𝑟𝑗 + 𝑑𝑗
 <

1
2  

𝐹𝐴𝐿𝑆𝐸 𝑜𝑡ℎ𝑒𝑟𝑤𝑖𝑠𝑒
} 

Where 𝑟𝑖,𝑗  denotes the amount donated by firms i and j respectively to the Republican party and  

𝑑𝑖,𝑗 denotes the amount donated by firms i and j respectively to the Democratic party, thus 

creating a binary measure of similarity. If both firms within each dyad made the majority of their 

political donations to the same party (both firms donating less than 50% of their funds to the 

Republican Party implies that they both donated majority to the Democratic party), then the 

dummy variable to indicate political alignment would equal one. Otherwise, D𝑖𝑗 =0.  

Next, I employed two measurements of direct interlocks. Direct interlock refers to the 

sharing of board members, i.e. an employee from firm i sitting on the board of firm j. All 

publicly traded companies are required to have at least three board members, and these boards 

often contain a mixture of inside and outside directors (inside meaning their primary jobs are at 

the firm on which they sit on the board of, and outside meaning their primary job is at a different 

firm). For the purposes of my analysis, I employed two measures of direct interlock – sharing 

board members (e.g. if person x sits on the board of firm i and on the board of 

firm j, then firms i and j share 1 board member and their level of direct interlock is 1) and 

sharing board companies (e.g. firm i has a board member whose primary company is firm x and 

firm j also has a board member whose primary company is firm x, even if it’s not the same exact 

person, then firms i and j share 1 company member and their level of direct interlock is 1). This 

is a count variable where most firm-pairs had a 1 or 0-level of interlock, but some went as high 

as 3. Previous studies have used sharing board companies as a control variable in their 

regressions (see Burris 2005, Mizruchi 1992 and 1980), but I test whether having a similar third 
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party company in common can impact donation patterns to the same extent that sharing the exact 

person may – perhaps it is the culture or directive of the outside firm, rather than the specific 

individual sent as a representative from that firm, which is the main influencer in board 

behavior.   

To test whether the firm-pair within each dyad shared a common primary industry, I 

created a binary variable “industry match” to indicate 1 if the firm-pair operated in the same 

industry, or 0 otherwise. Since there were only 2-3 firms in each industry subsector, this created 

very specific intersectionality – i.e. Ford and GM are both automobile companies, so their 

industry match would yield a “1”, but when paired with Starbucks, another company in 

the consumer goods sector, their industry match would yield a “0”. Expanding the range of 

category matches, I created another binary variable “broad industry match” to account for 

broader similarities of industry. This variable yielded a “1” if the firm-pair within each dyad was 

in the same broad industry category, such as basic materials, consumer goods, consumer 

services, financials, health care, industrials, oil and gas, technology, and utilities.  This eliminates 

the possibility that companies that do interact heavily in their primary field, but are technically 

qualified under two separate yet closely related subsectors, would yield a “0” (unrelated) result 

through the dummy variable. For example, Apple and Microsoft are two very similar companies. 

However, Apple is classified as an internet company by the Barrons report while Microsoft is 

classified as a software company. Thus, a regression run on the dyad containing (Microsoft, 

Apple) would indicate that they are in two separate fields. Broad industry match helps accounts 

for this potential discrepancy. 

To test whether the firm-pair within each dyad shared geographic proximity, I created a 

binary variable “state match” to indicate 1 if the firm-pair was headquartered in the same state, 
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or 0 otherwise. However, it is possible that firms do not exhibit similar behavior based on their 

headquarters’ specific state but based on the region in which they operate. So, a firm pair that is 

headquartered in New York shows up as a match, but a pair whose headquarters are “New York, 

New Jersey” may indeed face very similar regional pressures and geographical exposure but 

would register as a non-match (“0”). Expanding the range of category matches, I created another 

binary variable “region match” to account for these excerptions. This variable yields a “1” if the 

firm-pair within each dyad operates in the same region, such as the northeast, south, Midwest, 

and west (the states where grouped into these categories using the US Census’ definition of 

regions).  This eliminates the possibility that companies that do interact heavily in their 

primary region but are technically qualified under two separate yet closely related states, would 

yield a “0” (unrelated) result through the dummy variable. Broad region match helps accounts 

for this potential error. 

It is also important to note that all matches are not created equal. Certain industries and 

regions may have a higher predisposition to similarity of behavior than others (Burris 2001). 

This could be facilitated by higher levels of government regulation, varying geographical needs, 

or a variety of other factors. The dummy variables indicating 1 or 0 whether a firm-pair within 

each dyad shares an industry or geographic base treat all matches as equal. These variables 

register firm-pairs from the Midwest as being the same as firm-pairs from the Northeast, and two 

firms in finance as having the same level of similarity as two firms in technology. This is not 

necessarily the case. While the structure of having dummy variables captures levels of similarity, 

categorical variables would further our understanding of whether the type of similarity matters as 

well. Is it simply sharing traits like industry and region that matter, or does it depend on which 

industry or region companies share? The same behavioral quandary could also be extrapolated 
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onto sharing board members – does it matter whether two firms share exactly the same person on 

their board, or whether a person was placed on that board to pursue their primary workplaces’ 

agenda?  To pursue this line of questioning, I added the variable “shared board companies”.  If 

there is a discrepancy between the significance of sharing board members versus board 

companies, this could elucidate the motives behind board decisions. 

It is also worth noting that this analysis spans three different election cycles, so these 

models will be iterated over donation data from 2008, 2012, and 2016. The Citizens United v. 

FEC ruling came into effect in 2010, removing donation limits for the 2012 and 2016 elections 

but not for the 2008 election. My analyses will be replicated for the past three election cycles and 

compared across time to determine whether the correlations observed in one election cycle 

remain statistically significant across others. This compilation of data across 1,770 dyads and 

three time periods allows for more robust results and increases the validity of my results while 

decreasing the chances of conflating causality with simple correlation. The approach of creating 

three separate time domains also diminishes the possibility of data mining or random chance 

correlations and allows us to examine whether the regression patterns are similar pre- and post- 

Citizens United.   

To state the analysis precisely, the equations below were constructed:  

 

1. S𝑖𝑗 = 𝛽0  +  𝛽1(𝑠ℎ𝑎𝑟𝑒𝑑. 𝑏𝑜𝑎𝑟𝑑. 𝑚𝑒𝑚𝑏𝑒𝑟𝑠)𝑖,𝑗  +  𝛽2(𝑠ℎ𝑎𝑟𝑒𝑑. 𝑏𝑜𝑎𝑟𝑑. 𝑐𝑜𝑚𝑝𝑎𝑛𝑖𝑒𝑠)𝑖,𝑗  +

 𝛽3(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑚𝑎𝑡𝑐ℎ)𝑖,𝑗   +  𝛽4(𝑟𝑒𝑔𝑖𝑜𝑛. 𝑚𝑎𝑡𝑐ℎ)𝑖,𝑗   

2.  D𝑖𝑗 = 𝛽0  +  𝛽1(𝑠ℎ𝑎𝑟𝑒𝑑. 𝑏𝑜𝑎𝑟𝑑. 𝑚𝑒𝑚𝑏𝑒𝑟𝑠)𝑖,𝑗  +  𝛽2(𝑠ℎ𝑎𝑟𝑒𝑑. 𝑏𝑜𝑎𝑟𝑑. 𝑐𝑜𝑚𝑝𝑎𝑛𝑖𝑒𝑠)𝑖,𝑗  +

 𝛽3(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑚𝑎𝑡𝑐ℎ)𝑖,𝑗  +  𝛽4(𝑟𝑒𝑔𝑖𝑜𝑛. 𝑚𝑎𝑡𝑐ℎ)𝑖,𝑗    
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The model which requires categorization through dyadic analysis is below. The final model 

simulates region and industry matches by category.  Because the second definition of similarity 

better captured my desired measure of similarity, I focus on D𝑖𝑗 for the final model. 

  

D𝑖𝑗 = 𝛽0  +  𝛽1(𝑠ℎ𝑎𝑟𝑒𝑑. 𝑏𝑜𝑎𝑟𝑑. 𝑚𝑒𝑚𝑏𝑒𝑟𝑠)𝑖,𝑗  +  𝛽2(𝑠ℎ𝑎𝑟𝑒𝑑. 𝑏𝑜𝑎𝑟𝑑. 𝑐𝑜𝑚𝑝𝑎𝑛𝑖𝑒𝑠)𝑖,𝑗  

+  𝛽3(𝑟𝑒𝑔𝑖𝑜𝑛. 𝑁𝐸)𝑖,𝑗  +  𝛽5(𝑟𝑒𝑔𝑖𝑜𝑛. 𝑆)𝑖,𝑗  + 𝛽6 (𝑟𝑒𝑔𝑖𝑜𝑛. 𝑀𝑊)𝑖,𝑗  

+ 𝛽7 (𝑟𝑒𝑔𝑖𝑜𝑛. 𝑊)𝑖,𝑗 +  𝛽8(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑡𝑒𝑐ℎ𝑛𝑜𝑙𝑜𝑔𝑦)𝑖,𝑗   

+  𝛽9(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑏𝑎𝑠𝑖𝑐𝑚𝑎𝑡𝑒𝑟𝑖𝑎𝑙𝑠)𝑖,𝑗  +  𝛽10(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑐𝑜𝑛𝑠𝑢𝑚𝑒𝑟𝑔𝑜𝑜𝑑𝑠)𝑖,𝑗    

+  𝛽11(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑐𝑜𝑛𝑠𝑢𝑚𝑒𝑟𝑠𝑒𝑟𝑣𝑖𝑐𝑒𝑠)𝑖,𝑗   +  𝛽12(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑜𝑖𝑙𝑛𝑔𝑎𝑠)𝑖,𝑗   

+  𝛽13(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑖𝑎𝑙𝑠)𝑖,𝑗    +  𝛽14(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑓𝑖𝑛𝑎𝑛𝑐𝑖𝑎𝑙𝑠)𝑖,𝑗   

+  𝛽15(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. 𝑢𝑡𝑖𝑙𝑖𝑡𝑖𝑒𝑠)𝑖,𝑗  + 𝛽16(𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑦. ℎ𝑒𝑎𝑙𝑡ℎ𝑐𝑎𝑟𝑒)𝑖,𝑗      

 Analysis of Results  __________________________________________ 
 

The initial bivariate regression of sharing board members on donation similarity yielded no 

statistically significant results. Only the intercept was significant across all three election years. 

This was also the case when testing my second definition of similarity (dominant party donations 

rather than difference in donations).  

My analysis breaks down into 4 categories. First, by my two separate definitions of my 

main dependent variable, similarity of donations. Second, for each dependent variable, I include 

two primary specifications of the model – one with shared board companies as a control and one 

without. Performing the test of joint significance on shared board companies and shared board 

members yielded no collinearity, making it a possible control variable. Lastly, the final model 

introduces categorical variables and broadens the definitions of industry and region matches 
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from sub-sector to big industry and from state to U.S. region. Within each of these levels of my 

model, I will analyze the results using 2008, 2012, and 2016 donation patterns. The analysis will 

thus look like this: S𝑖𝑗 as the dependent variable, including and excluding shared board 

companies excluded (see results tables I and II). Then, D𝑖𝑗 as the dependent variable, including 

and excluding shared board companies (see results tables III and IV). I will end with an 

interpretation of my final model which includes region and industry level data and a discussion 

of implications. 

 

 

   

The initial regression yielded a statistically significant and negative correlation between 

firms sharing a primary industry and similarity of donation. This result is consistent across all 

three observation years. Thus, in the 2008, 2012, and 2016 election cycles, firms that operated in 

the same industry were about 6% less likely to donate similarly to political parties. This is a 

striking result, as it indicates that sharing characteristics does not promote, but rather can 

Table I

2008 2012 2016

Intercept 22.84 *** 21.27 *** 23.72 ***
(0.46) (0.43) (0.47)

Direct Interlocks -1.88 1.13 -2.43
sharing board members (2.46) (2.30) (2.55)

State Match -1.34 -1.22 -4.36 .
whether HQ located in the same state (2.34) (2.19) (4.36)

Industry Match -4.32 . -7.64 *** -6.81 **
whether firms operated in the same sector (2.35) (2.20) (2.44)

Note: results displayed as coefficent (std. error)

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Regression Results for PAC Donations Using 

Sij, Prior to including Shared Board Companies
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negatively impact donation similarity. This is in-line with Mizruchi’s results, that found 

nonexistent or slightly negative results when exploring firm similarities and PAC 

donations. Consistency across three election cycles and with past studies strengthens the 

hypothesis that firm characteristics may not affect similarity of political donations. 

 

 

 

Adding shared board companies as a control variable does not change the key insights 

from the regression. Its only byproduct is strengthening the statistical significance of the 

previous findings. Industry match still shows a negative correlation with similarity of donations, 

and the intercepts remain highly statistically significant. Consistent with Mizruchi’s findings, 

these results show that firm-pairs sharing a primary industry has either a negative or no effect on 

similarity of donations. It is also interesting to see how results become more statistically 

significant after 2010, possibly because more firms entered the political arena and were donating 

larger amounts of money after the Citizens United ruling, creating a more robust sample size and 

more validity within the analysis. 

Table II

2008 2012 2016

Intercept 22.97 *** 21.24 *** 23.77 ***
(0.46) (0.43) (0.48)

Direct Interlocks

Sharing Board Members 0.96 0.35 -1.22
(2.94) (2.75) (3.05)

Sharing Board Companies -3.53 . 0.98 -1.52
(2.01) (1.89) (2.09)

State Match -1.01 -1.31 -4.22 .
whether HQ located in the same state (2.35) (2.20) (2.43)

Industry Match -4.26 . -7.66 *** -6.79 **
whether firms operated in the same sector (2.35) (2.20) (2.44)

Note: results displayed as coefficent (std. error)

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Regression Results for PAC Donations Using 

Sij,  Including Shared Board Companies
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By contrast, when donations are measured by whether both firms have the same preferred 

party, the results align with the theoretical expectations stated in my hypothesis and previous 

literature which supports a connection between shared traits and donation similarity. Using 

dominant party as the measure for political similarity produces robust results across all three 

time-periods. Unlike S𝑖𝑗, D𝑖𝑗 captures a company’s party of choice, rather than how much they 

prefer one party over the other (the spread of donations between Democrats and Republicans). 

An analysis of dominant preferences rather than amount of preference creates a more black and 

white definition to observe and reveals that sharing traits can lead to sharing preferences. This 

model indicates that firm-pairs which operate in the same industry are about 15% (14% in 2008, 

19% in 2012, and 11% in 2016) more likely to donate the majority of their funds to the same 

political party.  Curiously, the correlation between board members and donation patterns 

completely reverses in 2016, where for every board member shared, companies were actually 

15% less likely to donate a majority to the same party. This preference reversal is the first 

Table III

2008 2012 2016

Intercept 0.49 *** 0.62 *** 0.51 ***

(0.01) (0.01) (0.01)

Direct Interlocks 0.08 0.05 -0.15 *

sharing board members (0.07) (0.06) (0.06)

State Match -0.02 0.02 0.05

whether HQ located in the same state (0.06) (0.06) (0.06)

Industry Match 0.14 * 0.19 ** 0.11 .

whether firms operated in the same sector (0.06) (0.06) (0.06)

Note: results displayed as coefficent (std. error)

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Regression Results for PAC Donations Using 

Dij, Prior to including Shared Board 
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statistically significant correlation between interlock and donation similarity, which could 

indicate that 2016 was an anomaly or that interlocks’ effect is election specific. Further 

investigation into the topic is necessary to understand the impact of sharing board members. 

  

  

 

Adding shared board companies as a control variable yielded approximately the same 

results with few effects on the independent variables and the intercept remaining significant. This 

combination suggests possible omitted variable bias through the exclusion of other relevant 

factors. Perhaps variables (industry and region match) are too narrow to properly capture the 

desired effects. 

Not all matches are created equal. While a binary variable indicating whether firm-pairs 

operate in the same industry or not helps determine whether firms share similar characteristics, it 

does not let us analyze what those characteristics are. Creating variables which measure which 

specific industry two firms might operate in allows for the tracking of industry-specific behavior 

to understand whether political cohesion is created within certain industries more than others. 

Table IV

2008 2012 2016

Intercept 0.49 *** 0.62 *** 0.51 ***
(0.01) (0.01) (0.01)

Direct Interlocks

Sharing Board Members 0.06 0.00 -0.15 .
(0.08) (0.08) (0.08)

Sharing Board Companies 0.03 . 0.05 -0.01
(0.05) (0.05) (0.05)

State Match -0.02 * 0.01 0.05
whether HQ located in the same state (0.06) (0.06) (0.06)

Industry Match 0.14 * 0.19 ** 0.11 .
whether firms operated in the same sector (0.06) (0.06) (0.06)

Note: results displayed as coefficent (std. error)

Regression Results for PAC Donations Using Dij,  

Including Shared Board Companies

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1
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These industries include finance, healthcare, oil and gas, utilities, industrials, consumer goods, 

consumer services, technology and basic materials. Since dominant party is a more stable 

indicator and a better predictor of what I am trying to measure, I will focus on that as the main 

measure of similarity for the remainder of my analysis.   

 

 

 

Regressing dominant party on a general broad industry indicator (a binary variable 

indicating whether the firm-pair shares one of the nine broader industries defined above) 

provided inconclusive results across the three election years. The broader match creating 

inconsistent results is fairly similar to the narrative of the results so far, but digging deeper 

revealed consistent and robust results within specific industries across the years.  

Regressing dominant party on a general broad region indicator (a binary variable indicating 

whether the firm-pair shares one of the four broader regions of the South, Midwest, West, or 

Northeast) provided consistent and robust results across the three election years. All three 

years, region match was highly significant with a coefficient of 0.05 in 2008, 0.15 in 2012, and 

Table V

2008 2012 2016

Intercept 0.48 *** 0.59 *** 0.51 ***

(0.01) (0.01) (0.01)

Direct Interlocks

Sharing Board Members 0.05 -0.01 -0.16 *

(0.08) (0.08) (0.08)

Sharing Board Companies 0.02 0.03 -0.03
(0.05) (0.05) (0.05)

Broad Industry Match 0.01 0.11 ** 0.03
whether firms operated in the same industry (0.04) (0.03) (0.04)

Broad Region Match 0.05 . 0.15 *** 0.09 ***
whether firms operated in the same region (0.03) (0.03) (0.03)

Note: results displayed as coefficent (std. error)

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Regression Results for PAC Donations Using Dij, 

Observing Broad Regional and Industry 
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0.09 in 2016.  These results suggest that headquarter location is a relevant parameter when 

exploring the influence of geography on political alignment, but state specific data was too 

narrow to reveal statistically significant results. Past literature has found mixed results on firm 

behavior dependence on geography. Mizruchi found that headquarter location had negligible 

influence on PAC donations (Mizruchi 1992), but other authors have found significant impact 

when looking at regional influence (see Walker and Rea 2014). Previous studies found that firms 

which base their operations in the South and Midwest often behave in similarly. My research 

aligns with these assertions. Overall, the results indicate a positive and a statistically significant 

relationship between a shared headquarter region and donation similarity within each dyad for 

firms headquartered in the South and Midwest, but a negative relationship for those 

headquartered in the Northeast and West.    
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Table VI

2008 2012 2016

Intercept 0.48 *** 0.57 *** 0.49 ***

(0.01) (0.01) (0.01)

Direct Interlocks

Sharing Board Members 0.05 -0.02 -0.14 .

(0.08) (0.07) (0.08)

Sharing Board Companies 0.03 0.06 0.00

(0.05) (0.05) (0.05)

Region Match

Northeast -0.11 . -0.14 * -0.14 *

(0.06) (0.06) (0.06)

Midwest 0.80 * 0.11 * 0.37 ***

(0.06) (0.05) (0.06)

West -0.02 -0.13 . -0.25 ***

(0.07) (0.07) (0.07)

South 0.04 . 0.31 *** 0.16 ***

(0.03) (0.03) (0.03)

Industry Match

Oil and Gas -0.15 0.43 0.51 .

(0.29) (0.27) (0.28)

Technology 0.51 ** 0.10 -0.23

(0.16) (0.15) (0.16)

Basic Materials -0.08 0.36 * -0.01

(0.16) (0.15) (0.15)

Consumer Goods -0.04 -0.15 * -0.18 *

(0.08) (0.07) (0.07)

Consumer Services -0.05 -0.16 * -0.22 **

(0.08) (0.07) (0.07)

Utilities 0.48 0.11 0.35

(0.50) (0.46) (0.48)

Financials -0.05 0.26 *** -0.11 .

(0.29) (0.06) (0.07)

Healthcare 0.48 . -0.19 -0.11

(0.29) (0.27) (0.28)

Industrials 0.15 0.29 *** 0.44 ***

(0.06) (0.06) (0.06)

Note: This model uses Dij as the definition of similarity (the main DV)

Results displayed as coefficent (std. error)

Signif. codes:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Regression Results for PAC Donations
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Consumer Services and Industrials both showed highly significant and consistent results 

within-industry across all three election cycles, but in divergent directions between industry. 

Firm-pairs which operated in consumer services were about 14% less likely to donate primarily 

to the same political party. However, firms-pairs which operated in industrials were about 30% 

more likely to donate primarily to the same political party. While some industries foster political 

cohesion, others seem to foster polarization. This suggests that industries like consumer services 

are very heterogeneous and companies likely have very different preferences. By contrast, the 

major companies in other industries (like industrials) are more homogeneous in their political 

support. 

In 2012, almost all industries generated a statistically significant effect on donation 

similarity.  Firm-pairs operating in basic materials were 36% more likely to prefer the same 

party, financial pairs were 26% more likely, and industrials pairs were 29% more likely. 

Meanwhile, consumer goods firm-pairs were 15% less likely to share party preferences and 

consumer services were 16% less likely. Only utilities, healthcare, and technology firm-pairs led 

to no correlation between industry and donation preference. Utilities didn’t yield a statistically 

significant result any of the years analyzed, implying that perhaps firms in this field were not 

very politically oriented, or just didn’t have to be as their services were de-facto regulated and 

required. These percentage swings in donation similarity are large. The fact that half the industry 

results point in one direction while the other half point the opposite direction helps explain why 

general binary matches yielded inconclusive results.  

An industry-level breakdown reveals different levels of magnitude and direction of 

political similarity across sectors which get jumbled in a generic indicator variable. This finding 

is partially in-line with past analysis, which found that financial institutions have the highest 
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level of political cohesion (Mintz and Schwartz 1985) while most other industries have negative 

to no effect from shared characteristics. My results show that financial firms did have strong 

political cohesion in 2012, but that other firms, especially in industrials, produced consistently 

strong levels of cohesion. Further, there was no relationship found between direct interlocks and 

donation similarity. Mizuchi also concluded that direct interlocks presented “no evidence of the 

behavioral consequences of these networks”, but he maintained that certain regional and 

industrial influences are prevalent in corporate donation patterns. 

 Focusing now on the Northeast region, my analysis suggests that firm-pairs 

headquartered in the Northeast are about 13% less likely to offer majority-support to the same 

political party. While other key indicators proved inconclusive, region match produced robust 

results.  Further, firm-pairs that headquartered in the West are about 13% less likely to offer 

majority-support to the same political party. In 2008, firm-pairs headquartered in the West were 

2% less likely to donate similarly. In 2012, firm-pairs headquartered in the West were 13% less 

likely to donate similarly, but those that shared their primary industry were 11% more likely to 

donate similarly. In 2016, firm-pairs headquartered in the West were 25% less likely to donate 

similarly.  Again, this correlation rose in magnitude and statistical significance as time 

progressed, with a large spike in both post-Citizens United.  

Meanwhile, Firm-pairs headquartered in the South are about 17% more likely to offer 

majority-support to the same political party. The results across all three time periods remained 

highly significant. Firm-pairs headquartered in the South were 4% more likely to donate 

similarly in 2008, 31% more likely in 2012, and 16% more likely in 2016. Firm-pairs 

headquartered in the Midwest are also about 43% more likely to offer majority-support to the 

same political party. In 2008, firm-pairs headquartered in the Midwest were 80% more likely to 
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donate similarly. In 2012, firm-pairs headquartered in the Midwest were 11% more likely to 

donate similarly. In 2016, firm-pairs headquartered in the Midwest were 37% more likely to 

donate similarly. The statistical significance again escalated each year from barely significant in 

2008 to highly significant by 2016. The rapid increase both in the magnitude of similarity and 

statistical significance of donation similarity across midwestern firms is an interesting result, 

perhaps indicative of polarization or the increased rate of donation following the 2010 Citizens 

United ruling. 

Limitations ______________________________________________ 
 

While there are many benefits to the dyadic analysis, including the ability to assess how 

shared traits affect the similarity of behavior, there are also limitations. First, calculation of the 

dependent variable in the data set assumes that similarity of political behavior could be thought 

of as a scalable comparison (i.e. a dyad having $10 million of donations in common is twice as 

similar as one that had $5 million in common). This is not much of an issue, as all variables in 

the regression are thought of on this relative scale, but it should be kept in mind when analyzing 

the results.  

Second, since the dependent variable is interval scaled and is normally distributed, 

ordinary least squares should be an appropriate regression. However, the possibility of 

autocorrelation arises as many of the dyads share the same firm characteristics and background 

information. In other words, my unit of analysis consists of 1,770 dyads matrixed across 60 firms 

– that means that these observations may not be statistically independent, as all 60 firms appear 

in 59 separate observations (e.g.: firm 1 and 2, 1 and 3, 1 and 4,5,6…,60). Cross-sectional data 

can lead to issues of network autocorrelation, as the observations are not independent of one 
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another. If any given firm’s behavior is unexpected given their traits, then those errors will likely 

be correlated for all dyads that include that firm. For instance, if GM’s donations are unrelated to 

their traits (while related for other firms), when GM is paired with Monsanto and then GM is 

paired with Boeing, both of these dyads will have related errors in the model.  

Repeating observations can cause the errors to be correlated with one another, and 

observations in individual rows or columns across dyads tend to be highly correlated (since the 

companies repeat themselves) which may affect the standard error, leading to an artificially small 

standard error. A method known as the Quadratic Assignment Procedure (QAP) has been 

developed to adjust the standard error for dependence in dyadic data sets, but there is skepticism 

around its need and thus has been slow in adoption amongst social network analysis literature 

(Simpson 2001). Future extensions of this model could incorporate QAP to account for possible 

autocorrelation.  

A random effects model could help account for this error, but given the high levels of 

variety across all the companies and variables given, accurately modeling and estimating the 

covariance matrix across 1,770 dyads is an unlikely feat. A fixed effects model also proves 

inadequate, as it would require assigning dummy variables to each row and column for every 

value within a dyad within the matrix, whose parameters are too wide and would create an 

inestimable outcome. There is thus no consensus on how to account for this measure, but it is 

necessary to be aware of this drawback of dyadic analysis when simulating multiple social 

networks across a test pool of actors.  

Third, it is possible that different political pressures shaped donation behavior in each 

election cycle. Perhaps companies chose to donate to different parties each election cycle 

depending on the issues at hand then, rather than because of the shared traits that I am trying to 
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measure. Or, perhaps results that are significant one year are not consistent across elections 

because outside factors were more at play during some elections than others. So while some 

results may not hold across time, they may still be predictive during certain election cycles.  It is 

important to be cautiously aware of this possibility. While I looked across three time-periods, all 

other literature in this area only focused on one. This choice is understandable, as results are 

often difficult to interpret cross-temporally for the reasons outlined above. However, examining 

which correlations hold over time could also provide a deeper understanding of the underlying 

mechanisms of corporate cohesion.  

 

Conclusion _____________________________________________________________ 

 

The modern analysis of Mizruchi’s experiment has several implications for the future 

study of corporate political donations. After expanding my parameters past Mizruchi’s original 

definition of direct interlock (from sharing board members to sharing companies) and accounting 

for specific regional and industrial differences, it is evident that there exists a pattern of influence 

between having certain commonalities and donation patterns. Firms that are headquartered in the 

same region have geographically influenced donation patterns. The magnitude and direction of 

this influence depends on the specific region – implying that not only does this similarity matter, 

different regions vary in how they impact donation patterns. A deeper understanding of this 

variation could have broad implications on the understanding of corporate donations. Further, 

this study reveals that different industries have various sensitivity to corporate cohesion. 

Industrials and consumer services yield strong positive results, while most other industries 

alignments were only relevant in 2012. This temporal shift in correlation significance could 

mean that various identities become salient depending on the election cycle and not only because 



35 

 

of the industry itself. Different things are at stake in different election cycles and understanding 

why these shifts occur is also important. 

In terms of board members, my findings were congruent with previous literature which 

suggests that direct interlocks have little effect on political cohesion. Since previous literature on 

this topic is mixed, I was hoping that my modern study of corporate behavior would have 

elucidated this confusion, but I conclude with reiterating Mizruchi’s stance on the matter – while 

certain factors matter, interlock does not seem to be one of these factors. 

Further, shared firm characteristics had no effect on similarity of donations (S𝑖𝑗), but did 

seem to influence firms’ dominant party preferences (D𝑖𝑗). This suggests that S𝑖𝑗 may have 

introduced a lot of noise into the relationship and has the following limitation: since it measures 

the similarity of donation, firm-pairs with completely different behaviors are given the same 

similarity score (i.e., a firm-pair in which firms donated 70% Republican and 90% Republican 

will have the same similarity score as a firm-pair in which firms donated 60% and 40% 

Republican. This noise would not appear in D𝑖𝑗, which measures the first pair as sharing party 

preferences and the second pair as disagreeing). Thus, the variable that most closely connects to 

whether a firm-pair favors the same party, D𝑖𝑗, does show support for political cohesion. While 

not a direct test of companies’ motives or their desire to support specific candidates, the shared 

company attributes leading to aligned party preferences is consistent with a theory in which 

companies are seeking to support politically aligned candidates. Given the findings with D𝑖𝑗, 

firm behavior seems consistent with the agenda seeking theory. It can be inferred that companies 

which share the attributes measured in this study seek to influence the political agenda by 

donating most of their funds to the same single party. Their political preferences are influenced 
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by these traits, and they donate accordingly. Corporate political cohesion exists on the industry 

and region-level when observing party preference through PAC donations. 

This research design also allowed me to examine these effects pre- and post- Citizen 

United. The 2008 presidential election year falls right before the Citizen United ruling, while the 

2012 and 2016 elections occurred post-Citizen United. The latter two election cycles thus 

imposed no monetary limitations on corporate donations. In general, no obvious differences are 

observable across all three election cycles. There is suggestive evidence that regional differences 

(especially in Southern firms) matter more in post-Citizens United elections, but this observation 

is circumstantial. While my analysis does not allow me to see if the effects are significantly 

different from year to year, the magnitude of influence is larger (i.e. in the South and the 

industrials industry), suggesting that more companies entered the space (two companies in my 

data set formed PAC’s post- Citizens United) or that existing firms polarized or donated more. 

Further exploration of the Supreme Court ruling is necessary for conclusive results. 

A possible extension of my analysis would be to examine corporate social networks from 

the perspective of the CEOs. CEOs control a vast majority of company decisions, including who 

is placed on the executive board and whether a PAC is formed. There is considerable evidence in 

past literature suggesting that corporate boards are passive and accede to the CEOs wishes (Mace 

1971, Herman 1981, Lorsch and MacIver 1989). While my data set contains extensive board and 

demographic characteristics, there is no emphasis on the CEO. Examining CEOs and board 

chairs of 1,050 large US corporations, Burris (2001) found that Midwesterners, those with elite 

schooling, and those with multiple directorships were disproportionately likely to contribute to 

Republicans, whereas Jews and Southerners were disproportionately less likely. He also found, 

in a dyadic analysis based on the same data (Burris 2005), that individual corporate leaders, like 
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CEOs, that shared direct and indirect board ties were more likely to contribute to the same 

candidates which the PAC’s board supports. This correlation was even stronger than for leaders 

who shared geographic or industry ties, which is an interesting finding contrasting directly with 

my area of focus. Expanding my parameters to incorporate CEO data could be an interesting way 

to gain further understanding into the social-political networks of corporate elites. 
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Appendix ______________________________________________ 
 

 

 

 

 

 

 

 

 

TABLE VIII

N Mean

Total Firms 60

Firm Region

Midwest 13 0.22

West 11 0.18

South 23 0.38

Northeast 12 0.20

Firm Sector

Basic Materials 5 0.08

Consumer Goods 10 0.17

Consumer Services 9 0.15

Financials 11 0.18

Healthcare 3 0.05

Oil and Gas 3 0.05

Utilities 2 0.03

Industrials 12 0.20

Technology 5 0.08

Descriptive Demographic Statistics for 

Firms in the Sample

Source:  Barrons Industry Report and Investor Relations for 

each respective company.

Note: N represents sample sizes for each population. For binary 

variables, the mean of individuals in that population is given.
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TABLE IX

Industry Firm Name Industry Firm Name

Basic Materials Health Care

Chemicals Cargill Pharmaceuticals CVS

Chemicals Land O'Lakes Pharmaceuticals Walgreens

Chemicals Monsanto Pharmaceuticals Johnson and Johnson

Forestry & Paper International Paper

Forestry & Paper Kimberly Clark Industrials

Aerospace & Defense Lockheed Martin

Consumer Goods Aerospace & Defense Boeing

Automobiles GM Aerospace & Defense Raytheon

Automobiles Ford Transportation Svcs FedEx

Automobiles Fiat Chrystler Automotives Transportation Svcs United Postal Service

Beverages Starbucks Railroads CSX

Beverages Dunkin Donuts Railroads Union Pacific Railroad

Beverages McDonalds Railroads Norfolk Southern

E-commerce Retail Amazon Trucking Knight Swift

E-commerce Retail Walmart Trucking J.B. Hunt

Tobacco Kroger Construction & Materials Home Depot

Tobacco Altria (Philip Morris) Construction & Materials Lowe's

Consumer Services Oil and Gas

Media Google (Alphabet) Oil & Gas Producers Exxon Mobile

Media Comcast Oil & Gas Producers Chevron

Media Walt Disney Oil & Gas Producers Marathon Petroleum 

Food & Drug Retailers Taco Bell (YUM! Brands)

Food & Drug Retailers Burger King (3G Capital) Technology

Airlines Delta Internet Facebook

Airlines American Airlines Internet Apple

Hotels Wyndham Worldwide Software Oracle

Hotels Marriott International Software Microsoft

Software IBM

Financials

Banks J.P. Morgan Utilities

Banks Bank of America Electricity NextEra Energy

Banks Wells Fargo Electricity Duke Energy

Banks Citigroup

Insurance State Farm Group

Insurance Allstate

Insurance (health) United Healthcare

Insurance (health) Wellpoint (Anthem)

Insurance Aetna

Insurance (non-health) Berkshire Hathaway

Insurance (non-health) Liberty Mutual

List of 60 Firms in the Data Set
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